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ABSTRACT

Investing by its very nature is an emotional business. Few investors have the self-knowledge, emotional
stamina or self-control to make rational, intelligent and profitable decisions, particularly in times of uncertainty.
The main purpose of this study is to examine the style of financial risk taking, and in particular. the psychological
profiles associated with different risk taking behaviours. Behavioural economics and finance increases the
explanatory power of models by providing it with more realistic psychological foundations. The assumption of
behavioural risk taking leads to three fundamental approaches to risk: Risk avoiders abstain from investments they
perceive to contain risk, risk reducers participate in high risk investments in spite of the risks involved, and risk
optimisers who are motivated by the exposure to risk. This study identifies and characterizes individual investors
based on their shared investing attitudes and behaviour. It finds out evidence of a behavioural search for investments
based on a questionnaire approach suggested by LeBaron, Farrelly and Gula (1989). The approach to risk is studied
by a psychometric measure, “Risk Assessment Inventory" prepared for the Turkish investors. The research data is
analyzed using statistical techniques, namely frequency, percent, arithmetic mean, chi-square independent test, non-
linear principle component analysis and t-test. The result of the research data have shown that there are not much
significant differences between the variables related to the amount of investment when they are analyzed with
respect to the dimensions of risk assessments.

INTRODUCTION

Most people view risk as a chance of loss or that some unfavourable event will occur. But in fact, risk
refers to the uncertainty that surrounds future events and outcomes. When we think of an investment, risk is the
chance of actually receiving less than expected. Risk is simply the variability in the returns or outcomes from the
investment. Investment risk, then, is related to the possibility of actually earning a return other than expected
whereas the greater the variability of the possible outcomes, the riskier the investment. The return expected from an
investment is positively related to the investment’s risk. But this relationship is not quite as clear-cut as it sounds,
because risk can be defined in two bases: I. stand-alone risk, which is the risk associated with an investment when it
is held by itself, not in combination with other assets, and 2. portfolio risk, which is the risk associated with an
investment when it is held in combination with other assets (Besley; Brigham, 2000, 5.182).

At the same time, uncertainty is a major factor in decision-making especially the case here for investment.
Uncertainty is a fact of life. People face risks every time they make an investment. But there are financial
institutions that can mitigate risk. This side of the case is related with the portfolio risk where the financial
intermediary plays a role in diversification (reducing risk). Beyond the existence of stated institutions and their
activities in the financial system, this study is discussing the individual behaviour (risk attitudes) with respect to
choices involving uncertainty (Varian, 1996, s. 212).

A behavioural finance literature review reveals five main constructs that drive investor behaviour:
investment horizon, confidence, control, risk attitude, and personalization of loss (Wood ; Zaichkowsky, 2004, p.
170). Although there is a degree of risk in everything, some activities increase risk while other activities reduce it. A
risky activity has two characteristics: the likely outcome and the degree of variation in all the possible outcomes.
Suppose we are offered a 50 per cent chance of making $100 and a 50 per cent chance of losing $100. On average
you will make no money by no money by taking such gambles. They are called fair gambles. A fair gamble is one
which on average will make exactly zero monetary profit. Financial economists identify risk attitudes as of three
main segments of individual investors: L risk-averse (risk-intolerant traders) 2. risk-neutral (risk-indifferent
traders) 3. risk-takers (confident traders). The crucial question is whether or not the individual would accept a fair

gamble.

A risk-averse person will refuse a fair gamble (i.e. one which on average will make exactly zero monetary
profit). This does not mean that he or she will never bet. If the odds are sufficiently favourable, the probable
monetary profit will overcome the inherent dislike of risk. On the other hand, a risk néutral person is only interested
in whether the odds will yield a profit on average. This investor pays no’ attention to the degree of dispersion of

i S s




possible outcomes, betting if and only if the odds on a monetary profit are favourable. A risk-lover will bet even
when a strict mathematical calculation reveals that the odds are unfavourable. The more risk-loving the individual,
the more unfavourable must the odds be before the individual will not bet (Begg; Fischer; Dornbusch, 2000, s. 237).

Conventional finance theory considers all investors to be rational individuals who intent on maximizing
their utility. In markets where, according to Lucas (1978), all investors have "rational expectations", prices do fully
reflect all available information and marginal-utility-weighted prices follow martingales. The efficient market
hypothesis has been extended in many other directions, including the incorporation of non-traded assets such as
human capital, state-dependent preferences, heterogeneous investors, asymmetric information, and transactions
costs. But the general thrust is the same: individual investors form expectations rationally, markets aggregate
information efficiently, and equilibrium prices incorporate all available information (Lo, 2004, p. 3). With rational
expectations, most companies would find it virtuall impossible to persuade investors to provide funding. In
particular, behavioral finance seems to offer some explanations for the observed activities. Behavioural finance
combines the theory of finance with ideas from the psychology and sociology to devise more realistic facts about the
way people behave when they are making financial decisions, as it is clear from recent market activity that prices do
not always react efficiently (Owen, 2002, p.4). Psychological research shows that the effect of context on decision
making can be powerful (see, e.g., Goldstein & Weber, 1995; Loewenstein, 2001) and some recent experimental
economics studies have explored context effects too (e.g., Cooper, Kagel, Lo & Gu, 1999; Hoffman et al, 1994)

(Camerer; Loewenstein, 2003, p. 8).

Decisions concerning risk mitigation generally involve tradeoffs between immediate versus delayed
outcomes and certain versus risky ones (Onciiler, 2001, p. 101). Risk assessment is a complicated subject with
important before-the fact as well as after-the fact implications. No one technique or instrument can magically
capture all there is to know. Nor can an investment manager, at one sitting, hope to peer into a client’s head and
extract a risk-tolerance level (LeBaron; Farrelly; Gula, 1989, p. 19).

This paper examines the risk taking and the effect of risk on the investment. In a set of controlled
experiments directed by various securities incompanies in Turkey, a risk questionnaire was distrubuted to the
Turkish investors. In particular, the study focuses on two questions: 1. What is the risk profile of investors in
Turkey? 2. Does the quantity of investment change the risk attitude in Turkey?

The outline of the paper is organized as follows: After beginning with a summary of the study, Section 2
gives information about the background notion for risk taking and the theory it is dealt with. Section 3 provides the
data and the methodology in detail. Section 4 discusses the empirical results, and lastly Section 5 is devoted to the

conclusion of the research.

UTILITY FUNCTION AND RISK TAKING

Many theories, both financial and statistical, depend largely on how we represent and model uncertainty.
Dealing with uncertainty is also of the utmost importance, reflecting individual preferences and behaviours and
attitudes towards risk. Decision making under uncertainty is in fact an extensive body of approaches and knowledge
that attempts to provide systematically and rationally an approach to reaching decisions in such an environment.
[ssues such as ‘rationality', "bounded rationality' etc., have an effect on the fundamental and practical problems that
finance is assumed to address. In a simplistic manner, uncertainty is characterized by probabilities. Adverse
consequences denote the risk for which decisions must be taken to properly balance the potential payoffs and the
risks implied by decisions trades, investments, the exercise of options etc. Of course, the more ambiguous, the less
structured and the more uncertain the situations, the harder it is to take such decisions. Further, the information
needed to make decisions is often not readily available and consequences cannot be predicted. Risks are then hard to

determine (Tapiero, 2004, p. 4).

Financial decision making seeks to make money by using a broad set of economic and theoretical concepts
and techniques based on rational procedures, in a consistent manner and based on something more than intuition and
personal subjective judgement. Generally, it also seeks to devise approaches that may account for departures from
such rationality. Behavioural and psychological reasons, the violation of traditional assumptions regarding
competition and market forces and exchange combine to alter the basic assumptions of theoretical economics and
finance (Tapiero, 2004, p. 5). Economics can be distinguished from other social sciences by the belief that most
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(ail?) behaviour can be explained by assuming that rational agents with stable, well-defined preferences interact in
markets that (eventually) clear (Rabin; Thaler, 2001, p. 219).

The first extension of this study is the utility theory. Utility theory provides a formal foundation for
expressing risk-sensitive planning objectives. It is a normative theory for decision making (von Neumann and
Morgenstern, 1944; Fishburn, 1970; Barbera et al., 1998). As a component of decision theory, it focuses on formal
properties of preference structures. For this thesis, we adopt the version of (von Neumann and Morgenstern, 1944),
also known as the von Neumann-Morgenstern utility theory. Utility theory studies preference structures and their
numerical representations in form of utility functions. In this section, we introduce the preference relations and
cesults about the existence of utility functions. We also discuss how decisions are made with the aid of utility
functions. A preference structure can be formulated as a binary preference relation (Béliiciiler, p. 103).

The first property of a utility function is wealth. If we want to choose between two certain investments, we
always take the one with the largest outcome. The second property of a utility function is an assumption about an
investor’s taste for risk. There are three assumptions as stated before: risk aversion, risk neutral and risk seeking. If
U (W) is the utility function and U"" (W) is the second derivative (Gruber, 1991, p. 194). Friedman and Savage
(1948) have explained the existence of utility function under choices involving risk. Each individual can be
characterized by a utility function to every level of wealth and acts in the face of known odds so as to maximize
expected utility (Markowitz, 1952, p.151). In any uncettain investment, the individuals maximize £ U (W), the
expected value of their utility function (Gruber, p. 195). Expected utility theory has dominated the analysis of
decision making under risk. It has been generally accepted as a normative model of rational choice and widely
applied as a descriptive model of economic behaviour (Kahneman; Tversky, 1979, p. 263). Individuals can have
different risk attitudes, that is, different ways of evaluating a gamble. Risk attitudes are modeled using the
individuals' utility functions. Based on the utility functions, types of risk attitudes: (Heitger, 2004, pp. 8-9 ;Van

Aarde, 2001, p. 13).

1If you chose not to play the game you are risk averse, then U (W )> E[U(W)] such that U"" (W) < 0.

2.If you are risk neutral, then U (W) = E[U(W )], such that U (W) = 0.
3.If you are risk seeking then U (W) < E[U(W )] such that U"" (W) > 0.

U E [W] = utility of expected wealth
E U (W) = expected utility of wealth

Functions that exhibit the property of greater change in value for larger unit changes in the argument are
functions with positive second derivatives. Thus the acceptance of a fair game implies a positive second derivative.
These conditions are summarized in Table 1 (Gruber, p. 196). '

Table 1: Acceptance Of A Fair Gamble

Condition Definition Implication
1. Risk aversion Reject fair gamble U(0y<0
2. Risk neutrality Indifferent to fair gamble U'(0)=0
3. Risk preference Select a fair gamble U(0)>0

Source: Gruber, p. 197

The curvature of the expected utility function describes the individual’s attitudes toward risk. If it is
concave, the individual is a risk averse and if it is convex, the individual is a risk lover. Risk aversion and risk
seekingness defined above are global properties of risk attitudes, since these properties do not change with the
wealth level (Varian, p. 221). A risk-neutral utility function is linear, and thus is equivalent to an identity function; a
utility function is risk-sensitive if and only if it is not risk-neutral, that is, if and only if it is nonlinear. An individual
who is neither a risk preferer nor a risk-averter is called risk-neutral (Friedman, 1986, p. 305).

On the other hand, prospect theory (Kahneman and Tversky, 1979; Tversky and Kahneman, 1992) has
probably had more impact than any other behavioural theory on economic research. Prospect theory is very
influential despite the fact that it is still viewed by much of the economics profession at large as of far less
importance than expected utility theory. Among economists, prospect theory has a distinct, though still prominent,
second place to expected utility theory for most research (Shiller, 1997, p. 3). The fundemantel of the prospect
theory is the Kahneman and Tversky (1979) value function. The value function differs from the utility function in
expected utility theory in a very critical respect: the function (of wealth or payout) has a kink in it at a point, the
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"reference point," the location of which is determined by the subjective impressions of the individual. The reference
point is the individual's point of comparison, the "status quo” against which alternative scenarios are contrasted.
Taking value as a function of wealth, the Kahneman-Tversky value function is upward sloping everywhere, but with
an abrupt decline in slope at the reference point (today's wealth or whatever measure of wealth that is
psychologically important to the subject). For wealth levels above the reference point, the value function is concave
downward, just as are conventional utility functions. At the reference point, the value function may be regarded,
from the fact that its slope changes abruptly there, as infinitely concave downward. For wealth levels below the
reference point, Kahneman and Tversky (1979, 1981, 1986, 1990) found evidence that the value function is concave
upward, not downward. People are risk lovers for losses, they asserted (Shiller, 1997, p. 5).

Indeed, these studies find that uncertain losses are generally preferred to certain ones of the same expected
magnitude, implying risk-seeking behaviour when losses are concerned. That is, when risk of loss is present, people
are observed to embrace, capitalize on, benefit from, or exploit this risk of loss, because according to these empirical
results, it is preferred to a certain loss of the same expected size. Thus, the conventional explanation for the demand
for insurance--a preference for certainty or a desire to avoid the risk of losses--flies in the face of empirical evidence

(Nyman, 2001, p. 2).

In finance, standard equilibrium models of asset pricing assume that investors only care about asset risks if
they affect marginal utility of consumption, and they incorporate publicly available information to forecast stock
returns as accurately as possible (the "efficient markets hypothesis"). While these hypotheses do make some
e.g., the autocorrelation of price changes is close to zero—there are numerous anomalies. The
theories exploring the hypothesis that some
cted in Thaler (1993) and reviewed in Shleifer

accurate predictions--
anomalies have inspired the development of "behavioural finance"

investors in assets have limited rationality. Important articles are colle
(2000) and Barberis and Thaler (2001).

An important anomaly in finance is the "equity premium puzzle": Average returns to stocks are much
higher than retumms to bonds (presumably to compensate stockholders for higher perceived risks) (Camerer,
Lowenstein, p. 41). Benartzi and Thaler (1995) assume a combination of decision isolation--investors evaluate
returns using a I-year horizon--and aversion to losses. These two ingredients create much more perceived risk to
holding stocks than would be predicted by expected utility (Shiller, p. 7). Barberis, Huang and Santos (2001) use a
similar intuition in a standard asset pricing equation. Several recent papers (e.g., Barberis, Shleifer & Vishny, 1998)
show how empirical patterns of short-term underreaction to earnings surprises, and long-term overreaction, can arise
from a quasi-Bayesian model. Another anomaly is the magnitude of volume in the market. The so-called "Groucho
Marx" theorem states that people should not want to trade with people who would want to trade with them, but the
volume of stock market transactions is staggering. Odean (1999) presents data on individual trading behaviour
which suggests that the extremely high volume may be driven, in part, by overconfidence on the part of investors

(Camerer, Lowenstein, p. 42).

The rise of behavioural finance is particularly striking because, until recently, financial theory bet all its
chips on the belief that investors are too rational to ignore observed historical patterns-- the "efficient markets
hypothesis." Early heretics like Shiller ( 1981), who argued empirically that stock price swings are too volatile to
reflect only news, and DeBondt and Thaler (1985), who discovered an important overreaction effect based on the
psychology of representativeness, had their statistical work "audited" with special scrutiny (or worse, were simply
ignored). In 1978 Jensen called the efficient markets hypothesis "the most well-established regularity in social
science." Shortly after Jensen's grand pronouncement, however, the list of anomalies began to grow (Camerer,

Lowenstein, p. 43).
DATA AND METHODOLOGY

Two hundred individual investors were surveyed via questionnaire. Respondents are asked for their'
attitudes on risk only, neglecting the demographic items. The questionnaire has 10 items that consist of 3 choices
addressing risk attitudes. All questions ask for attitude towards risk in general, allowing respondents to indicate their
willingness to take risks, with indicating complete unwillingness to take risks, and indicating
complete willingness to take risks. As we feared of a disagreement of respondents with the assessment assured by
the questionnaire we limited the questions of the survey. There is a general belief that questionnaires take to long
and the subjects are not eager to respond or discuss their views. Therefore, we neglected the potential demographic

questions of the survey:

M
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Risk Questionnaire
Please answer the following items by selecting just one of the three available alternatives: a) always b) never c)

sometimes
1. Befting on unique ideas
2. Capitalizing on opportunities
3. Careful buying
4. Conservative management
5. Diversification techniques
6. Fear of losses
7. Fear of random events
8. High-stake choices
9. Not following the crowd
10. Stable returns

A cluster segmentation analysis identified three main segments of individual investors: 1. risk-averse; 2.
risk-neutral and 3. risk-takers. Each segment purchased different types of stocks, used different information sources,
and had different levels of trading behaviour. The research data is analyzed using statistical techniques, namely
frequency, percent, arithmetic mean, chi-square independent test, non-linear principle component analysis and t-test.

Risk attitude is usually measured by psychometric approaches, such as scales and questionnaires.
Psychometric approaches directly attempt to measure risk attitude by asking respondents to indicate how much they
agree with a set of statements. Both approaches implicitly assume that individual risk attitude is a stable personality
trait. Previous empirical studies have primarily focussed on relating risk attitude to individual decision making, e.g.
entrepreneurial decisions (Brockhaus 1980), acquisitions (Pablo et al. 1996) and asset allocation (Riley and Chow
1992) (Fellner; Maciejovsky, 2002, p. I). Some psychologists and economists however, have questioned whether
stable utility functions and risk preferences exist at all, given that risk attitudes appear to be highly malleable with
respect to context in laboratory experiments (e.g., Slovic, 1964, 1972a and 1972b; Eckel and Grossman,
forthcoming). An alternative interpretation of this evidence (Weber et al., 2002), of course, is that a stable risk
preference does exist, but that individuals believe the typical risk in one context is greater than in another, and
indicate different willingness to take risks accordingly (Dohmen et al., 2003, p. 4).

The traditional theory of decision making under uncertainty, integrating statistics and the risk behaviour of
decision makers has evolved in several phases starting in the early nineteenth century. At its beginning, it was
concerned with collecting data to provide a foundation for experimentation and sampling theory. These were the
times when surveys and counting populations of all sorts began. Subsequently, statisticians such as Karl Pearson and
R. A. Fisher studied and set up the foundations of statistical data analysis, consisting of the assessment of the
reliability and the accuracy of data which, to this day, seeks to represent large quantities of information (as given
explicitly in data) in an aggregated and summarized fashion, such as probability distributions and moments (mean,
variance etc.) and states how accurate they are. Today, decision making is economics, finance, insurance and risk

motivated (Tapiero, p. 6).
EMPIRICAL RESULTS
As we limited the questionnaire neglecting the demographic items, the response to the risk survey was
quite positive.

Table 2: Chi-Square Results

Risk Questionnaire Chi-Square p

Betting on unique ideas 6,023 0,049

Capitalizing on opportunities 1,942 0,379

Careful buying 1,269 0,530

Conservative management 2,235 0,327

Diversification techniques 1,680 0,432

Fear of losses 0,077 0,962

Fear of random events 3,805 0,149

High-stake choices 0,848 0,654

Not following the crowd 4,425 0,109

Stable returns 0,311 0,856 |

*: (p <0.05)
e e Y Y A P U T P N i e e e e e e e ]
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Investors

Choices

Amount Of HIGH
Investment LOW

Total Investors

Dimension 2

Table 3: Crosstab Count
Betting on unique ideas

. Total
always never sometimes
65(%42) 34(%22) 55(%36) 154
19 (%42) 17(%37) 9 (%21) 45
84 51 64 199

Object Points Labeled by Casenumbers

w

Dimension 1

Variable Principal Normalization.

Figure 1

Biplot

Dimension 2

O Objects (adjusted to
scale of loadings)

Component Loadings

Dimension 1

Variable Principal Normalization.

Figure 2

As shown in Table 2, low scale and high scale investors do vary only in question 1. In Table 3 the crosstab

count results of this question were given, That means, low scale investors abs
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rather than high scale investors do. Within the rest of the nine questions, low scale and high scale investors do not
differantiate as they have no significant statistical diversity. On the other hand, to Judge the concordance and the
placement of the investors to one another, Nonlinear Principle Component Analysis was applied. According to the
results of the analysis, there are two dimensional interpretation out of it. At first dimension, the value of Cronbach
alpha is 0,862; at the second one, the value is 0,814; and in total the value is 0,938. As these values are close to 1,
each reliability of dimension has the appropriate values. The eigen value of the first dimension is 6,005 and of the
second is 4,686. According to these values, at the first dimension the % 60 of variance and at the second one the %
40 of variance is applicable. At both dimensions respondent investors’ replies are shown in Figure 1. The result here
reflects that there is no different grouping between low scale and high scale investors. The biplots of the replies
given to the questionnaire have been added to the figure and this projection is shown in Figure 2. According to
Figure 2, as of the replies given, the investors placement to one another is shown.

Investors that attended the questionnaire had been grouped as “risk taking” and “risk averse”. The 10
questions of the risk questionnaire therefore, being categorized as “risky responds” and “not risky responds” address
the level of taking risk of the investors. As a result, if an investor responds the 10 questions completely as risk
averse then he wili get 10 points; otherwise will get 20 points. The points between 10-20 show the risk level of
investors. In our study, minimum risk level has found as 10 and maximum as 17 points. The mean of the risk level is
12,874 and the standard error of mean is 0.13. This result found as a low level of risk point shows that the investors
are risk-averse. According to the risk measure that varies between 10-20, the risk value pointing to a value lower
than 15 shows that the investors can be risk averse. This has been tested by t - test. As a result, t=-16.323
(p=0.000). The result shows that statistically at %1 significance level the investors’ responds are below the value of
15 (p<0.01). Therefore, the investors can be identified as risk averse according to this study. At the same time, as
seen from the histogram, the distribution of risk points (of investors) is mostly located at the low risk level.

Histogram

g

Frequency

20

Mean < 128737
8. Dew = 1 83252
e N

800 1000 1200 1400 15,00 .00
risk

Figure 3: Histogram For Risk Points Of Investors
CONCLUSION

The behavioural theories have much latitude for interpretation, when they are combined with observations
and experiments about behaviour in financial markets, they allow us to develop theories that do have some
restrictive implications. Financial researchers has taken heed of the lessons of the behavioural research surveyed
here. Doing research that is sensitive to lessons from behavioural research does not mean entirely abandoning
research in the conventional expected utility framework. The expected utility framework can be a workhorse for
some sensible research, if it is used appropriately. It can also be a starting point, a point of comparison from which
to frame other theories. It is critically important for research to maintain an appropriate perspective about human

behaviour and an awareness of its complexity.

The decision about how much risk to take is extremely a pschological one. A risk questionnaire or survey
can help to provide investors with a more accurate vision of decision making process. It may also provides an
inventory of some demographic database. Moreover, a risk survey of investors can show the risk tolerances of them.
An awareness and understanding of the current risk tolerances of investors is a key ingredient in establishing the risk
profile in the markets. Understanding the current state of risk tolerance of investors will assist in developing a risk
profile and making decisions on what risks must be managed, how, and to what extent. It will also help identify the
challenges associated with risk consultations and communication. In general, there is lower risk tolerance for the
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unknown, where impacts are new, unobservable or delayed. There are higher risk tolerances where people feel more
in control. Risk tolerance can be determined through consultation with affected parties, or by assessing investors'
Tesponse or reaction to varying levels of risk exposure. Risk tolerances may change over time as new information
and outcomes become available, as societal expectations evolve. Before developing management strategies, a
common approach to the assessment of risk tolerance needs to be understood.

Here, the risk survey of Turkish investors shows that their general attitude is risk-aversion. So the first
question of our study has been derived from the results of the statistical analysis that addresses the risk profile as

risk- aversi

have a great deal of volatility causing risk and therefore the investment horizon does vary with regard to the

REFERENCES

Begg David; Stanley Fischer; Rudiger Dornbusch, Economics, McGraw-Hill, 6th ed., 2000.

Belmont David P., Value Added Risk Management In Financial Institutions, Wiley Finance, 2004,

Besley Scott; Eugene F. Brigham, Essentials of Managerial Finance, Dryden Press, 12th ed., 2000.

Camerer Colin F., George Loewenstein, “Behavioral Economics: Past, Present, Future”, Advances in Behavioural Economics, Princeton
University Press, 2003.

Dohmen Thomas et al., “Individual Risk Attitudes: New Evidence from a Large, Representative, Experimentally-Validated Survey”, IZA
Discussion Paper No. 1730, September 2005

Farrell James L., Guide To Portfolio Management, Mc-Graw-Hill Finance Guide Series, 1983.

Fellner Gerlinde; Boris Maciejovsky, “Risk Attitude and Market Behavior: Evidence from Experimental Asset Markets”, September 2002,
https://papers.econ.mpg.de/esi/discussionpapers/2002-34.pdf

Friedman David D., Price Theory, South-Western Publishing, 1986

Gifl, Albert, Nonlinear Multivariate Analysis, Wiley&Sons, Netherland, 1990.

Greenacre, J. Michael, Correspondence Analysis In Practice, Academic Press, Harcourt Brace & Campany, Publishers, London, 1993.

Gruber Elton, Modern Portfolio Theory and Investment Analysis, Wiley & Sons, 4th ed., 199],

Heitger Florian, “Asset Price and Wealth Dynamics under Heterogeneous Expectations with an Underlying CRRA (Power) Utility Function”,
AKSOE-WS04, 02/16/04.

Jones Kenneth, Portfolio Management: New Models for Successful Investment Decisions, McGraw-Hill, 1992,

Kahneman Daniel; Amos Tversky, “Prospect Theory: An Analysis of Decision Under Risk™, Econometrica, Volume 47, No. 2, March 1979,

LeBaron Dean, Gail Farrelly, Susar: Gula, “Facilitating a Dialogue on Risk: A Questionnaire Approach”, Financial Analysts Journal, May/Jun
1989.

Lo Andrew W., “The Adaptive Markets Hypothesis: Market Efficiency from an Evolutionary Perspective”, August 15 2004,
web.mil.edu.n’alo/www/Papers.’JPM2OD4.pdf

Markowitz Harry, “Utility of Wealth”, Journal Of Political Economy, Vol LX, No. 2, April 1952,

Nyman John A, “The Demand for Insurance: Expected Utility Theory from a Gain Perspective”, July 17 2001,
www.econ.umn.edw/workingpapers/nyman1001 .pdf

Owen Sian, “Behavioural Finance and the Decision to Invest in High Tech Stocks”, UTS: Business, Working Paper No. 1 19, August 2002.

Onciiler Ayse, “A Behavioural Perspective On Risk Mitigation Investments”, Kluwer Academic Publishers, P.R Kleindorfer and M.R. Sertel
(eds.), 2001.

Rabin Matthew; Richard H. Thaler, “Anomalies Risk Aversion”, Journal of Economic Perspectives, Volume 15, No.1, 2001.

Shiller Robert J., “Human Behaviour and The Efficiency of The Financial System”, Conference of Recent Developments in Macroeconomics,
Federal Reserve Bank of New York, February 27-28 1997.

Tapiero Charles, Risk and Financial Management: Mathematical and Computational Methods, Wiley and Sons, 2004.

Van Aarde John Benjamin, Pricing Techniques for the Oil Industry, University of Oxford master thesis, 2001,
w::b.mit.edu/a]o/wwaapers/IPMZOM.pdf

Van De Geer, J., Multivariate Analysis Of Categorical Data: Theory, Sage Publications, USA,1993.

Varian Hal R, Intermediate Microeconomics, Norton International Edition, 4th ed., 1996.

Wood Ryan , Judith Lynne Zajchkowsky, “Attitudes and Trading Behaviour of Stock Market Investors: A Segmentation Approach”, Journal of

Behavioral Finance, Vol. 5, No. 3, 2004,

The Journal of American Academy of Business, Cambridge * Vol. 9 * Num. 2 * September 2006 174



e e e

The Journal of American Academy of Business, Cambridge * Vol.g, No.2 *

September 2006

T S B Y By O o Sy g e e petray

Dr. Yuan-Du Hsiao, National Chin-Yi Institute of
Technology, Taiwan

Performance Evaluation and Analysis of Guidance 18014000 into Trades in Taiwap and
China - Taking Traditional Industries Implementing PZB Mode as

: an Example, #264
Less Is More: How Scarcity Influences Consumers Value Perceptions and Purchase

San-san Hsing, National Taiwan University of Science
and Technology, Taiwan

Intents through Mediating Variables. #125

Chin-Chia Hsu, Doctoral Student, National Taiwan
University, Taiwan, St. John's University, Taiwan

Implementation of Multiple Enrolment Programs Affecting Academic Achievement; A5
Example from St. John’s University, Taiwan. #105

Dr. Jovan Chia-Jung Hsu, Kun Shan University of
Technology, Taiwan

Implementation of Multiple Enrolment Programs Affecting Academic Achievement: A5
Example from St. John's University, Taiwan. #105

Heng-Hsiang Huang, Ching Kuo Institute of
Management & Health, Taiwan

Proposing Student Learning Performance in Physical Education by Applying Social
Cognitive Theory. #280

Jin-Jung Huang, Manager, Merck Display Technologies Ltd.

The Study on the Vitality Index of Organization for an Air Conditioning Factory. #78

Chun Jiang, Ph.D., University of New England, Australia

A Re-examination of Technology Transfer in Sino-foreign Joint Ventures After China's
WTO Accession. #133

Dr. Prasad Kakumanu, University of Scranton, Scranton, PA

Outsourcing: Its Benefits, Drawhécks and Other Related Issues. #1

Kritika Kongsompong, Ph.D., Chulalongkorn University,
Bangkok, Thailand

Cultural Diversities Between Singapore and Australia: An Analysis on Consumption
Behavior. #87

Chin-Te Lai, Ph.D. candidate, Yuan Ze University,
Taiwan

Performance Evaluation and Analysis of Guidance ISO14000 into Trades in Taiwan and

China - Taking Traditional Industries Implementing PZB Mode as an Example. #264

Dr. Yao-Hsien Lee, Chung Hua University, Taiwan

I. An Agency Theoretical Perspective on the Share System of Crew Remuneration and the
Crew’s Optimal Effort. #53

I1. Kano Two-dimensional Quality Model and Important-Performance Analysis in the
Student's Dormitory Service Quality Evaluation in Taiwan. #324.

Dr. Yuan-Duen Lee, Chang-Jung Christian University,
Taiwan

Leadership Style and Innovation Ability: An Empirical Study of Taiwanese Wire and
Cable Companies. #218

Dr. Shing-Ko Liang, National Chiao-Tung University, Taiwan

The Study on the Vitality Index of Organization for an Air Conditioning Factory. #78

Dr. Chieh-Yu Lin, Chang Jung Christian University,
Taiwan.

Influencing Factors on the Innovation in Logistics Technologies for Logistics Service
Providers in Taiwan. #257

Dr. Chien-Huang Lin, National Central University,
Taiwan

Consumer Adoption of the Internet as a Channel- The Influence of Driving and Inhibiting

Factors. #112

Dr. Chin-Tsai Lin, Yuanpei Institute of Science and
Technology Hsin Chu, Taiwan, R. Q. C.

Stock Index Futures Real-Time Long and Short Decision Support System. #307

Hung-Lung Lin, Yuanpei University of Science and
Technology, Taiwan, R.0.C.

Evaluating the Organizational Performance of Taiwanese Hospitals Using the Fuzzy
Analytic Hierarchy Process. #201

Yu Lin, MBA, National Kaohsiung First University of
Science and Technology, Taiwan

Legal Liability Risk for Enterprise R&D: The Case of High Tech Industry in Taiwan. #99

Hsiao-Chi Ling, Doctoral Student, National Chiao-Tung
University, Taiwan

The Study on the Vitality Index of Organization for an Air Conditioning Factory. #78

Ardeshir Lohrasbi, Ph.D., University of Illinois at
Springfield, Springfield, Hlinois

A Foundation Study for Improving Operations and Productivity in the Service Sector.
#349.

Dr. Maria G. Mackavey, Hellenic College, Brookline,
Massachusetts

Practicing Ethics in Hr: Where's the Action? #244

Dr. Tom Moore, Georgia College & State University,
Milledgeville, GA

Teacher Evaluations and Grades: Additional Evidence. # 58

Dr. Keith A. Moreland, University of Michigan-Flint,
Flint, MI

The Importance of Work Experience to Accountants’ Professional Development. #8

Dr. Matjaz Mulej, University of Maribor, Maribor, Slovenia

What Is Business Cybernetics? #211

.

Dr. Brian D’Netto, University of South Australia,
Adelaide, Australia

Expatriate Success in China: Impact of Personal and Situational Factors. #183

Ogenyi Omar, Ph.D., University of Hertfordshire,
Hatfield, UK

Retail Employment: An Evaluation of Supermarket Part-time Work in London, UK. #93

Esin Okay Orerler, Ph.D., Istanbul Commerce University,
Turkey

167. Utility Function and Risk Taking: An Experiment, #

Dr. Deniz Ozenbas, Montclair State University, NJ

Intra-Day and Inter-Day Price Volatility in the US and European Equity Markets: A
Measure of Trading Friction. #154

Tzu-Hui Pan, Ph.D. Candidate, National Taiwan
University, Taiwan

Narrow Framing, Loss Aversion and Equity Home Bias. #147

Remy Paré, MBA, Concordia University, Montreal,
Quebec, Canada

Employee Theft: From Behavioural Causation and Prevention to Managerial Detection
and Remedies. #175

Dr. Herbert W. Pollard, King College, Bristol, TN

The Impact of Self-Presentation by an Auditor on Investment Advisors’ Trust of the
Auditor. #38

Dr. Anthony Portanova, University of Scranton,
Scranton, PA

Outsourcing: Its Benefits, Drawbacks and Other Related Issues. #1

Dr. Vojko Potocan, University of Maribor, Maribor, Slovenia

What Is Business Cybernetics? #211

Kaleel Rahman, The University of Sydney, New South
Wales, Australia

Learning from Your Business Lectures: Using Stepwise Regression to Understand Course
Evaluation Data. #272

Martin Rudnick, M.A. CPA, William Paterson University,
NJ

How to Prepare Students for the New Economics and Finance Component of the CPA

Exam. #344.

" Dr. Yassaman Saadatmand, Armstrong Atlantic State
University, Savannah, GA

Determinants of the Percent of the Population Enrolled in HMOs. #32

372



